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Abstract

American communities have become increasingly politically homogenous (Bishop & Cushing,
2008), with affective polarization, a form of animosity between political groups, concurrently on
the rise (lyengar et al., 2019). We hypothesized that individuals living in areas with greater
proportions of out-partisans would report lower levels of affective polarization. In Study 1, 2016
American National Election Study respondents (N = 3,378) living in counties with more out-
partisans averaged lower levels of party-directed affective polarization, controlling for partisan,
policy, and demographic factors. In Study 2 (N = 362 via Prolific), similar analyses revealed that
American partisans with more out-partisans in their counties and precincts reported lower levels
of social distance from out-party members and greater cross-party contact, but not significantly
lower voter-directed affective polarization. Cross-party contact mediated the relationship between
the percentage of out-partisans in a community and affective polarization, highlighting the
intersection of place and psychology in understanding this societal challenge.
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Partisan Communities and Affective Polarization

From states, to counties, to neighborhoods, it is hard not to see the United States as clusters
of red and blue. More than half of American partisans live in a neighborhood with less than 33%
members from the out-party* (Brown & Enos, 2021). In the 2020 US presidential election, 79% of
counties were won by 20 percentage points or more (Bishop, 2020), reflecting a sharp increase in
geographic sorting since 1976, in which only 36% of counties were won by the same margin in a
closely contested presidential election (Bishop & Cushing, 2008).

We examine how geographic homogeneity of political partisans in the United States
predicts affective polarization, defined as animosity and social distance between people of
different political parties (lyengar et al., 2019; Mason, 2018b). Specifically, we investigate
whether partisans who live among more out-party supporters are less affectively polarized relative
to those who live primarily among the political ingroup. Understanding affective polarization is of
the utmost importance in an era characterized by political prejudice (lyengar et al., 2019),
government shutdowns, threats to democracy (Economist Intelligence Unit, 2022), and increasing
support for political violence (Kalmoe & Mason, 2019, 2022).

Affective Polarization

As geographic sorting of American partisans has increased over the last 50 years, affective
polarization has also increased (lyengar et al., 2019; Mason, 2018b). Across this period, Americans
report increasingly negative feelings towards out-partisans (lyengar et al., 2019), less cross-party
friendships (Huber & Malhotra, 2017), and stronger implicit partisan bias (lyengar & Westwood,
2015). Even partisans with moderate political views can harbor extreme levels of political hostility

(Mason, 2018a). This heightened affective polarization stems in part because political parties have

! We refer to members of an individual’s political party as “in-party” and a member of a different political party as
“out-party.”
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become important social identities (Huddy & Bankert, 2017; Greene, 1999; West & lyengar, 2020;
Tajfel & Turner, 1979) and often overlap with racial and religious identities (Mason, 2018a,
2018b). For partisans, increased geographic sorting may be reducing the prevalence of an
important factor in improving intergroup attitudes: contact.

Intergroup contact reduces prejudice (Pettigrew & Tropp, 2006). Contact between partisans
is no exception. Individuals with more out-party close relationships report lower levels of affective
polarization (Wojcieszak & Warner, 2020; Mutz, 2002). Likewise, cross-party conversations
reduce affective polarization (Amsalem et al., 2021; Levendusky & Stecula, 2021; Santoro &
Broockman, 2022). According to contact theory, if geographic proximity yields more contact,
partisans who reside among more out-partisans should express lower affective polarization. There
is reason to suspect more out-partisans in a locality will result in more contact; research in
Switzerland shows that a greater proportion of immigrants in a community is associated with
greater intergroup contact (Sarrasin et al., 2012). However, individuals sometimes construct their
social environments to minimize intergroup contact (Anicich et al., 2021), and this link remains
untested within the domain of geography and political partisanship.

If geographic proximity to out-partisans reduces partisan prejudice, this would provide a
strong test of contact theory under adverse conditions that might be theorized to exacerbate, rather
than reduce, animosity (Barlow et al., 2012). When people live in areas with higher proportion of
out-partisans they face the reality of living with norms and policies enacted by out-party
representatives and enabled by out-party voters. Sometimes these norms and policies enact direct
harm toward out-partisans, such as with laws and policies that restrict rights. While cultural norms
usually support prejudice suppression, partisans often view affective polarization as socially

desirable (Connors, 2023).
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Across two studies, we examine the relationship between geographic proximity to out-
partisans and affective polarization. In Study 1, we used a large nationwide dataset to examine the
relationship between the percentage of out-partisans in one’s county and affective polarization. In
Study 2, we surveyed participants to examine the relationship between out-party percentage (at the
county and precinct levels) and two different measures of affective polarization. We also explore
whether contact mediates the relationship between the proportion of out-partisans in the
community and affective polarization. We predict that Americans who live in communities with a
higher proportion of out-partisans will have lower levels of affective polarization, even when
controlling for factors that tend to predict greater affective polarization such as endorsement of
party-line policy views (Lelkes, 2018), strength of party identification (Mason, 2018b), and
political knowledge (Suk et al., 2022).

Study 1

Study 1 uses data from the 2016 American National Election Study (ANES; American
National Election Studies, 2017) to test whether living in a county with a higher percentage of out-
partisans predicts lower levels of affective polarization.

Method
Participants

We analyzed responses from ANES data collected between September 2016 and January
2017 (American National Election Studies, 2017) and associated location data from the restricted-
access geocodes (American National Election Studies, 2021). Of the 4,270 respondents, we
included only those who identified with the Democratic or Republican parties, or who identified
as independent but leaned towards the Democratic or Republican parties (602 excluded). In total,

3,668 participants were included (52.26% women, 46.56% men; Mage = 50.06, SDage = 17.62).



PARTISAN COMMUNITIES AND AFFECTIVE POLARIZATION 6

The sample had 52.86% Democratic party identifiers/leaners and 47.14% Republican party
identifiers/leaners. Most were non-Hispanic White (72.27%), while 9.46% were non-Hispanic
Black, 9.92% Hispanic, 3.19% Asian/Asian-American, and 4.47% multiracial or another race.
Participants came from 1,021 different counties.

In the primary multiple regression model (see Fig. 4), an additional 290 responses were
excluded for missing data, resulting in a total sample size of 3,378 for that analysis. Sensitivity
analysis conducted using G*Power (Faul et al., 2007) suggests with 3,378 respondents the primary
analysis would have 80% power to detect an 2 increase of .004, a very small effect size.
Measures

Outcome Variable: Affective Polarization (Party-Directed). Affective polarization was
assessed with feeling thermometers indicating warmth towards each major political party on a
scale of 0 (very cold) to 100 (very warm) (Druckman & Levendusky, 2019). Affective polarization
was calculated as each individual’s in-party feeling thermometer rating subtracted from their out-
party rating.

Primary Predictor Variable of Interest: Percent Out-Party (County). This represents
the percentage of voters in the participant’s county who voted for the 2016 presidential candidate
from the major party (Democrat/Republican) that the participant does not identify with. Precinct
information is not collected by the ANES, making county the smallest region linked with voting
data. Voting data was obtained from the MIT Election Data and Science Lab (2018). Third-party
and write-in votes were excluded in this analysis, so that the “total” votes for a given county were
the sum of votes for the Democratic party candidate (Hillary Clinton) and the Republican party

candidate (Donald Trump). This variable, like all other predictor variables in this analysis, was
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rescaled to a 0-1 scale so that O represents the smallest value (least exposed participant) and 1
represents the highest value (most exposed participant).

Control Variables.

Democrat. Dummy coded variable with 1 representing Democrats or Independents who
lean Democratic and 0 representing Republicans or independents who lean towards Republican.

Party Strength. A value of O represents an independent that leans towards a party, .5
represents a moderate partisan, and 1 represents a strong partisan.

Issue Polarization. Issue polarization measured the extent that participants’ views on five
policies align with the more extreme their own political party. These topics represented a wide
range of policies and overlap considerably with those used by Mason’s issue position extremity
measure (2015). The five topics were: government provided services, government spending on
healthcare, citizenship/deportation for illegal immigrants, abortion, and government help to Black-
Americans. If the participant selected the most extreme position aligned with their political party,
it was scored as a 1. If the participant indicated support for the most extreme position aligned with
the opposing political party, this was scored as a 0. Policy positions not at the extremity were
spaced evenly between 0 and 1 (there were four to seven options per question). Scores for all five
items were averaged into a single score.

Political knowledge. Political knowledge was operationalized as the proportion of four
political knowledge questions that were answered correctly, with a maximum score of 1 (all
answers correct) and a minimum of O (all answers incorrect). The questions concerned the Senate
term length, government funding allocations, and party control of the House and Senate.

Education. We assessed level of education, with higher values representing more formal

education, from no high school degree (0) to graduate/professional degree (1).
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Income. Household income ranged from $5000 or less (0), to $250,000 or more (1).

Church attendance. Higher scores on this variable represent more frequent church
attendance, from never (0) to every week (1).

Age. Age ranged from 18 (0) to 90 years of age or older (1).

Male. Participant’s sex included male (1) or female (0).

White. White (non-Hispanic) was coded as 1 and any other race/ethnicity as 0.

Black. Black (non-Hispanic) was coded as 1 and any other race/ethnicity as 0.

Hispanic. Hispanic was coded as 1 and non-Hispanic coded as 0.
Results

On average, participants reported being affectively polarized (M = 40.88, SD = 32.09; see
Fig. 1), reflecting warmer feelings towards the in-party (M = 66.86, SD = 21.44) than the out-
party (M = 26.00, SD = 21.63). Affective polarization was higher among Democrats (M = 43.76,
SD = 31.96) than Republicans (M = 37.67, SD = 31.94), (3566.3) = 5.72, p < .001, d = .19, 95%
Cl=[.13, .25].
Figure 1

Density plot of Party-Directed Affective Polarization in Study 1.
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Consistent with the hypothesis, without covariates, living with a greater percentage of out-
partisans at the county level predicted lower party-directed affective polarization (r=-.15, t(3605)
=-9.13, p<.001, 95% CI =[—.18, —.12]). This held for both Democrats and Republicans (see Fig.

2).

Figure 2
Relationship Between % Out-Partisans (County) and Party-Directed Affective Polarization in

Study 1.
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We next conducted a multiple linear regression predicting party-directed affective
polarization from county-level percentage of out-partisans and the covariates described in the full

model (see Fig. 3, complete output in Supplemental Materials). Consistent with hypothesis, there

was a significant negative relationship between out-party percentage and affective polarization, 3
=-14.37, p <.001, 95% CI =[—19.45, —9.29]. We would expect that respondents with the lowest
percentage of out-partisans in their county to be about 14 points more affectively polarized than
respondents with the highest percentage of out-partisans, all else equal. This pattern holds despite
controlling for strong predictors that account for a large proportion of the variance, notably issue

polarization (p = 42.54, p <.001, 95% CI = [35.68, 49.39]) and partisan ID strength ( = 30.36, p


https://osf.io/8r6kz/?view_only=f836efe948ef45a9a93cdf6b4b7d828f
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<.001, 95% CI =[27.99, 32.73]). A follow-up analysis including an interaction term for Democrat
X percent out-party revealed that party does not significantly moderate the relationship between

percent out-party and affective polarization (see Supplemental Materials).

Figure 3
Coefficients for a Multiple Linear Regression Predicting Party-Directed Affective Polarization in

Study 1.
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Four separate robustness checks were performed: we used FIML for missing data (e.g.,
Enders & Bandalos, 2001), included random intercepts for county, excluded respondents with
negative affective polarization values, and recoded negative affective polarization values to zero.

Percent out-party remained a significant predictor in all models (see Supplemental Materials).

Discussion
Consistent with hypotheses, people with more out-partisans in their county had lower levels
of party-directed affective polarization, even when controlling for covariates. In Study 2, we
include precinct as an additional level of analysis for examining the relationship between out-
partisan percentage and affective polarization and include different measures of affective
polarization. Additionally, we examine whether cross-party contact mediates this relationship.
Study 2

Study 2 was pre-registered (see pre-registration and supplemental materials, survey

questions, raw data, and analytic syntax). We followed our pre-registration for participant

recruitment and exclusions, and our pre-registered analyses are in the results section labeled “Pre-
Registered Analyses”. Study 2 builds upon Study 1 by examining the percentage of out-partisans
within precincts in addition to counties. Focusing on a smaller unit of measurement than county is
beneficial as partisans can become clustered in small areas such as precincts or even single streets
(Brown & Enos, 2021; Kaplan et al., 2022). Additionally, in Study 2 we assess affective
polarization with feeling thermometers for voters of the two major political parties, rather than the
broader parties themselves. We also measure social distance, which reflects the level of comfort
individuals have interacting with out-partisans (Druckman & Levendusky, 2019; Bogardus, 1933).

Social distance measures are conceptually different from feeling thermometer ratings as it is


https://osf.io/r52jt/?view_only=95fb2abe00e54f85b2f258fc7baab6a8
https://osf.io/8r6kz/?view_only=f836efe948ef45a9a93cdf6b4b7d828f
https://osf.io/8r6kz/?view_only=f836efe948ef45a9a93cdf6b4b7d828f
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possible to feel coldly towards a group of people but still feel comfortable having interpersonal
relationships with them. We hypothesize that greater out-party percentages (at precinct and county
levels) will be associated with lower levels of affective polarization and social distance.
Furthermore, we conduct an exploratory mediation analysis to examine whether the relationship
between out-partisan proximity and out-party attitudes is explained by actual contact with out-
partisans.
Method
Participants

We recruited 401 participants through Prolific in May of 2022, and screened for
participants who identified as Democrats or Republicans. We excluded seven states from
recruitment (AK, AL, ID, KY, LA, MO, and VA) because of a lack of precinct-level voting data
in those states. Six participants were excluded for not identifying with the Democratic or
Republican party, and 33 were excluded for missing data in our primary models (see Figs. 4-5).
All participants passed the attention check. In total, we included responses from 362 participants
(46.4% women, 51.6% men, 1.9% non-binary; Mage = 41.99, SDage = 14.75), with an even number
of Democrats and Republicans (181 each). Our sample was 77.9% White, 6.4% Asian/Asian
American, 5.2% Hispanic/Latino/a, 5.0% Black, and 5.5% multiracial. Participants lived in 241
different US counties.

We pre-registered a sample size of 400 (200 Democrats and 200 Republicans), and we
recruited as many participants as funds allowed. A post-hoc sensitivity analysis conducted using
G*Power (Faul et al., 2007) suggests with 362 respondents our primary analyses would have 80%

power to detect an 2 increase of .036, a small effect size. A post-hoc power analysis for the



PARTISAN COMMUNITIES AND AFFECTIVE POLARIZATION 14

observed effect size from Study 1 (.009 2 increase when including out-party) reveals there would
be 42% power with a sample size of 362.
Measures

Main outcome variables in Study 2 were: voter-directed affective polarization (feeling
thermometers) and social distance.

Outcome Variables.

Affective Polarization (Voter-Directed). Participants were asked “How warm (or cold) do
you feel towards the [Democratic/Republican] Party voters?” for both parties on a scale of 0 (very
cold) to 100 (very warm). Affective polarization was calculated as in-party ratings subtracted from
out-party ratings.

Social Distance. We asked participants “How comfortable they would be having a
who is a [Democrat/Republican]?” with the party specified being the respondent’s out-party and
the blank filled with each of four different relationships: (1) close friend, (2) romantic partner, (3)
neighbor, and (4) a close coworker. They responded on a 1 (extremely uncomfortable) to 7 (very
comfortable) scale. Responses were averaged into a combined social distance score for each
participant (a = .93). We reverse coded this variable so that a higher score represented greater
discomfort (i.e., social distance).

Primary Predictor Variables of Interest.

Percent Out-Party (County). This variable was computed identically as described in Study
1, with the exception that it used the 2020 presidential election data (Trump vs. Biden). Zero
represents the smallest percent out-party and 1 represents the highest percent out-party.

Percent Out-Party (Precinct). Participants followed a link to the New York Times

“Extremely Detailed Map of the 2020 Election” (Park et al., 2021), which shows the vote shares
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of each major presidential candidate in each precinct. They were instructed to enter their current
address to find results for their precinct, and report the candidate who won and his margin of
victory. A percent out-party value was calculated from this information. When participants lived
in precincts where their candidate won, their percent out-party score was the margin of victory
multiplied by —1 (no adjustment was made when their candidate lost). This variable was scaled to
a 0 (lowest in-party vote share) to 1 (highest in-party vote share).

Control Variables. The control variables used in our pre-registered models were the same
as those used in Study 1, with the exception of those detailed below (see full models in Figs. 4 and
5):

Democrat. Participant’s political party was dummy-coded, with 1 representing Democrats
and 0 representing Republicans.

Party ID Strength. We only recruited partisans and not partisan leaners, so Party ID
Strength was dummy coded with O representing a self-identified “not very strong” partisan and a
1 representing a “strong” partisan.

Political knowledge. Questions were the same as Study 1, except Study 2 asked about the
Chief Justice of the United States rather than which party controlled the senate.

Man. In Study 2, we asked about participants gender rather than sex; man was dummy
coded 1 and all other gender identities as 0.

Mediator: Cross-Paty Contact (Exploratory). For exploratory purposes, we asked about
participants levels of cross-party contact with the question “In your community, do you interact
with more Democrats or more Republicans on a regular basis?”” The scale ranged from 0 (many
more democrats) to 100 (many more Republicans). A higher score was coded to represent more

cross-party contact and was scaled between 0 and 1.
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Other Exploratory Variables. We asked several questions about participants
relationships with in-party and out-party members, including how many “friends and good
acquaintances” and family members they had from the two main political parties (none, a few,
many, or very many). An attention check instructed participants to select a specific answer choice.
See Supplemental Materials for complete question text.

Results

The mean level of voter-directed affective polarization was 44.23 (SD = 31.36), reflecting
warmer feelings towards in-party voters (M = 75.47, SD = 18.34) than out-party voters (M = 31.23,
SD = 24.98). Voter-directed affective polarization was higher among Democrats (M = 49.69, SD
= 30.54) than Republicans (M = 38.78, SD = 31.29), (359.79) = 3.35, p < .001, d = 0.35, 95% Cl
=[.17, .57]. The mean level of social distance was 3.43 (SD = 1.76), slightly below the midpoint
on the 1 (very comfortable) to 7 (very uncomfortable) scale, indicating that on average, participants
did not express discomfort with interpersonal relationships with out-partisans. Social distance was
higher for Democrats (M = 4.08, SD = 1.68) than Republicans (M = 2.77, SD = 1.58), 1(358.68) =
7.61, p <.001, d =0.80, 95% CI =[.57, 1.04].

We calculated the zero-order correlation between out-party percentage at the county and
precinct level (which were highly correlated; r = .69), and voter-directed affective polarization and
the social distance measures. Out-party percentage did not significantly predict affective
polarization at either the county (r = —.06, p = .23, 95% CI = [-.16, .04]) or precinct-level (r =
—.09, p = .10, 95% CI = [-.19, .02]), though the patterns were consistent with hypotheses. Out-
party percentage did predict social distance at both the county (r =—.22, p <.001, 95% CI = [-.32,
—.12]) and precinct levels (r =—.21, p <.001, 95% CI = [-.30, —.11]). This suggests that those who

have a greater proportion of out-partisans in their counties and precincts are more comfortable
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interacting with the out-party, but that they don’t harbor more negative feelings toward voters from
the out-party relative to in-party.
Pre-Registered Analyses

Following our pre-registered analysis plan, we conducted four multiple linear regression
models. First, we examined the relationship between affective polarization on the feeling
thermometers and county-level out-party percentage as well as the covariates (see Fig. 4 for full
model). Contrary to our hypothesis and the model in Study 1, we found no significant relationship
between out-party percentage and voter-directed affective polarization, p = 2.67, p = .72, 95% CI
=[—12.02, 17.37]. The same model using precinct-level out-party percentage similarly found no
significant relationship between out-party percentage and voter-directed affective polarization, 3

=0.40, p=.95, 95% CI =[~12.34, 13.16].

Figure 4

Predicting affective polarization in Study 2.
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Next, we examined whether out-party percentage predicted social distance. Consistent with

hypothesis, we found a significant negative relationship between out-party percentage at the

county-level and social distance, B = —1.24, p = .003, 95% CI = [-2.07, —0.42] (see Fig. 5).

Respondents with very low percentages of out-partisans in their county scored more than a full

point lower on the seven-point social distance scale than respondents with very high percentages

of out-partisans, all else being equal. Likewise, at the precinct level, there was a significant
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negative relationship between out-party percentage and social distance, p = —0.74, p = .044, 95%

CI=[-1.46, -0.02].

Figure 5

Predicting social distance in Study 2.
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Exploratory Analyses (Not Pre-Registered)



PARTISAN COMMUNITIES AND AFFECTIVE POLARIZATION 20

Robustness Checks. A robustness check revealed that including random intercepts for
county did not meaningfully alter results (see Supplemental Materials).

Cross-Party Contact. In addition to the percent out-partisans in their community as
calculated by voting data, respondents also indicated the proportion of Democrats or Republicans
they interacted with in their communities on a regular basis. We examined how contact predicted
voter-directed affective polarization and social distance, using the same covariates as in the pre-
registered models. Cross-party contact predicted significantly less voter-directed affective
polarization (p =—25.20, p <.001, 95% CI =[-36.76, —13.64], see Fig. 6) and in a separate model
it predicted significantly less social distance (B = —1.68, p <.001, 95% CI =[-2.33, —1.03], see

Fig. 7).

Figure 6

Predicting Voter-Directed Affective Polarization using Cross-Party Contact in Study 2.
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Note. Dots represent the point estimate for each beta coefficient, while whiskers (lines) represent

the 95% CI.

Figure 7

Predicting Social Distance Using Cross-Party Contact in Study 2.

Social Distance
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Note. Dots represent the point estimate for each beta coefficient, while whiskers (lines) represent

the 95% CI.

Because cross-party contact was a strong predictor of voter-directed affective polarization
and social distance we examined how it relates to other measures. We ran a linear regression
predicting cross-party contact based on county and precinct level out-party percentage, in-party
and out-party friendships, and in-party and out-party family members (see Fig. 8). We found that

cross-party contact was significantly predicted by five of the six variables, suggesting that
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respondents were likely considering many facets of their lives when evaluating the proportion of

Democrats and Republicans they interact with in their everyday lives.

Figure 8

Predictors of cross-party contact in Study 2.

Cross-Party Contact
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Note. Dots represent the point estimate for each beta coefficient, while whiskers (lines) represent

the 95% CI.

Cross-Party Contact as Mediator. Furthermore, we examined whether cross-party
contact mediated the relationship between out-party percentage (county and precinct levels) and
social distance as well as voter-directed affective polarization. We tested four mediation models
using the “Mediation” package in R (Tingsley et al., 2014) with path analyses conducted using

“Lavaan” (Rosseel, 2012). This analysis was not pre-registered. We found significant indirect
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effects of out-party percentage (county and precinct level) via cross-party contact on both social
distance and voter-directed affective polarization (see Table 1). When using social distance as a
dependent variable, out-party percentage (both precinct and county level) predicted higher cross-
party contact, which predicted lower social distance (see Fig. 9). The direct and total effects were
also significant in the mediation models predicting social distance.

Figure 9

Cross-Party Contact Mediates the Relationship between Out-Party Proximity and Social Distance

in Study 2.
0.53%** (0.06) Cross-Party 1.79%** (0.42)
0.39%** (0.05) Contact 1.85%%* (0.41)
% Out-Party » | Social Distance
1.15* (0.52)
-0.93* (0.43)

County-Level % Out-Party
Precinct-Level % Out-Party

Note. *p < .05. ***p < .001. Standard errors appear in parentheses. Blue text represents the model
using county-level out-party percentage while red text represents the model using precinct-level

out party percentage.

Table 1

Mediation Analyses with Cross-Party Contact as a Mediator in Study 2.

Level of Indirect Effect  Direct Effect Proportion
Out- DV (ACME) (ADE) Total Effect Mediated
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Partisan
Percentage
(V)

County Social -0.94™ -1.15" -2.09™ 0.45™
Distance ~ [-1.38,-0.47]  [-2.20,-0.09] [-3.04,-1.17] [0.19, 0.93]

Precinct Social —0.72*** —0.93* —1.65*** 0.44%**
Distance  [-1.16,-0.36] [-1.76,-0.09] [-2.41,-0.91]  [0.21,0.93]

County Feeling -21.84™ 11.24 -10.60 2.06
Therm.  [-31.49, -13.60] [-7.77,29.67] [-28.38,5.61] [-11.15,27.13]
Diff.

Precinct Feeling -15.03™ 2.78 -12.26 1.23
Therm.  [-22.13,-8.68] [[11.44,  [-26.78,1.46] [-7.26,6.48]
Diff. 17.15]

Note. Mediation analyses examining the role of cross-party contact on the relationship between
out-party percentage and measures of affective polarization. Brackets denote bootstrapped 95%

*kk

confidence intervals. “p < .05, “p < .01, ““p <.001.

Similarly, when using voter-directed affective polarization as a dependent variable, out-
party percentage (both precinct and county level) predicted higher cross-party contact, which
predicted lower social distance (see Fig. 10). However, the direct and total effects were non-

significant in these mediation models.

Figure 10
Cross-Party Contact Mediates the Relationship between Out-Party Proximity and Voter-Directed

Affective Polarization in Study 2.
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0.53*** (0.06) Cross-Party 41.52%** (7.50)
0.39*** (0.05) Contact -38.67*** (7.35)
% Out-Party > Voter—plrected
11.24(9.37) Affective Pol

2.79(7.70)

County-Level % Out-Party
Precinct-Level % QOut-Party

Note. ***p < .001. Standard errors appear in parentheses. Blue text represents the model using
county-level out-party percentage while red text represents the model using precinct-level out

party percentage.

Discussion

Consistent with hypotheses, both county and precinct-level measures of out-party
percentage predicted significantly less affective polarization in the form of social distance.
Likewise, cross-party contact was linked with less affective polarization on this measure. These
findings suggest that individuals who live in communities with more out-partisans feel more
comfortable having interpersonal relationships with members of the opposite party. This pattern
emerges even after controlling for the effects of strong predictors of social distance including
partisan identity strength and issue polarization.

Inconsistent with hypotheses, out-party percentage did not significantly predict voter-
directed affective polarization. This null result held for both county-level and precinct-level
measures of out-party percentage, and for both multiple linear regressions and zero-order

correlations.
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Although out-party percentage did not predict voter-directed affective polarization, we
found that more out-party contact was associated with significantly lower levels of voter-directed
affective polarization (a finding consistent with an experiment by Santoro & Broockman, 2022).
Our measure of cross-party contact appears to capture elements of the partisan makeup of counties
and precincts in which respondents live, and also their social circles (family and friends). Further
highlighting the importance of contact, exploratory analyses revealed that cross-party contact
mediated the relationship between out-party percentage and affective polarization, as well as out-
party percentage and social distance. These findings demonstrate that those who live in proximity
to larger proportions of out-partisans do in fact report more contact with out-partisans, and this
contact is associated with more positive attitudes towards out-partisans.

General Discussion

Across two studies, we used ANES and original data to examine the relationship between
the partisan composition of communities and affective polarization. We found that living in areas
with more exposure to out-partisans was associated with lower levels of party-directed affective
polarization. Similarly, more out-partisans in one’s community (at the precinct and county level)
and more cross-party contact predicted lower levels of social distance from out-partisans.
However, contrary to our hypotheses, out-party percentage at the precinct and county levels did
not significantly predict voter-directed affective polarization. It is unclear if this finding was not
significant due to lower statistical power in Study 2 or whether there is a meaningful difference in
how contact predicts attitudes towards voters as opposed to the party at large, similar to overall
differences in perceptions of “Republicans” and ”Democrats” as opposed to their parties as
identified by lyengar et al. (2012). Yet, greater cross-party contact was a significant predictor of

voter-directed affective polarization, suggesting that interacting with out-partisans is associated
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with lower levels of affective polarization as well. Further, cross-party contact mediated the
relationship between the proportion of out-partisans in one’s community and affective
polarization, suggesting that geography is linked with contact experiences, and that these
experiences are related to lower levels of partisan bias.

Communities within the United States have become increasingly politically homogenous
(Bishop & Cushing, 2008; Bishop 2020), while affective polarization has also increased (lyengar
et al., 2019). Our research demonstrates that politically homogenous communities are directly
linked to affective polarization. By examining how the percentage of out-partisans in one’s
community is related to their evaluations of the out-party and its voters, we show that where people
live matters for how they think about political parties. Further, the political makeup of
communities matters above and beyond core partisan beliefs and predicts lower animosity despite
the normative pressures to express partisan biases.

The findings support contact theory (Pettigrew & Tropp, 2006; Allport, 1954) and
experiments demonstrating that cross-party contact reduces polarization (Santoro & Broockman,
2022; Levendusky & Stecula, 2021). Although living under out-party policies, leadership, and
cultural norms could lead to hostility against the out-party, we found the opposite pattern. As
demonstrated by the mediation analyses in Study 2, the relationship between the proportion of out-
partisans in one’s community (at the county and precinct levels) and affective polarization/social
distance is explained in part by cross-party contact. Consistent with Sarrasin et al. (2012), we find
that those who live among more outgroup members do in fact have more frequent contact and that
contact is associated with more positive out-group attitudes. However, the correlational nature of
these analyses leave open the possibility that affective polarization affects where people choose to

live. While previous research casts doubt on this alternative (Mummolo & Nall, 2017; Martin &
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Webster, 2020), we cannot make causal claims from the present studies. Future research could
examine causal connections by examining how affective polarization levels within communities
change as the partisan compositions of those communities change, or by looking at how individuals
partisan attitudes change when they move into communities with a different proportion of out-
partisans. Additionally, future research should examine how the partisanship of communities
brings about different forms of contact, and how these different forms of contact relate to affective
polarization. Future research should also assess contextual factors which often play an important
role in reducing prejudice such as status in the situation, the need for cooperation, shared goals,
and norms (Allport, 1954; Pettigrew & Tropp, 2006).
Conclusion

Situations exert powerful influence on individuals and politics is no exception. The
increasingly politically divided geography of the United States has implications for political
attitudes and how people engage across party lines. When people live amongst larger proportions
of out-partisans that they tend to have lower levels of party-directed affective polarization and
social distance, even when controlling for factors such as party identity strength and policy views.
We argue that the ameliorating effect of intergroup contact may explain why individuals who have
more out-partisans in their communities generally have more favorable views of the out-party. The
United States’ increasingly divided geography reduces opportunities for cross-party contact, and
without creating opportunities for cross-party interactions, political animosity may continue to
grow and hinder partisans from working together to solve problems and strengthen the nation.
American partisans living in politically homogenous communities set apart from out-partisans may

be the most in need of contact with out-partisans.
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